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Executive Summary
Agentic commerce changes the unit of ecommerce competition. In traditional ecommerce, merchants optimize for

search ranking, marketplace position, ad efficiency, product page conversion, and checkout completion. In agentic

commerce, AI shopping agents may participate before the shopper reaches the store. They may discover products,

interpret product facts, compare alternatives, answer objections, apply constraints, initiate checkout, and support

post-purchase questions.

This creates a readiness problem that is larger than AI search visibility. A brand can appear in an AI answer and still

fail to operate in agentic commerce. The AI may know the brand exists, but not understand the product enough to

recommend it. It may retrieve a product page, but spend most of its context budget on navigation, promotions, app

widgets, and vague copy. It may recommend a product, but be unable to verify inventory, variant, policy, return, or

merchant-of-record context.

The Agentic Commerce Readiness Benchmark gives ecommerce teams a way to score that full journey. It separates

discovery from recommendation, recommendation from checkout, checkout from post-purchase support, and visibility

from measurable commercial readiness.

Definition
A scoring framework for evaluating whether an ecommerce brand can support AI agents across product discovery,

product understanding, recommendation, conversation, checkout, post-purchase support, trust governance, and

measurement.

The benchmark is intentionally broader than a prompt visibility score. Prompt visibility asks whether a brand appears

when a user asks an AI assistant for a recommendation. Agentic commerce readiness asks whether the brand can

survive the entire AI-mediated buying journey with accurate data, clear evidence, usable product context, safe

transaction paths, and measurable outcomes.

For DeepLumen, readiness also depends on the efficiency of the underlying page context. AI agents can read faster

than humans, but they still operate with retrieval cost, context limits, uncertainty, and ranking trade-offs. A product

page that contains the right facts but buries them inside noisy corpus units is weaker than a page that exposes those

facts in structured, low-ambiguity form.

Why Brands Need a Benchmark Now
The market has moved from theory to operating pressure. ChatGPT product discovery, Shopify Catalog, agentic

storefronts, Google agentic commerce tools, ACP, UCP, and AP2-style payment authorization all point in the same

direction: AI systems are becoming part of commerce infrastructure, not just content discovery.

But most ecommerce teams still measure the channel with old categories. They count AI crawler visits as demand.

They treat catalog inclusion as recommendation. They treat an answer mention as revenue. They treat checkout

protocols as if they solve product selection. These signals are useful, but they belong to different layers.

A benchmark is useful because it prevents false confidence. If a store is crawlable but not structured, the bottleneck is

product data. If product data is structured but not tied to shopper intent, the bottleneck is recommendation readiness. If

the product is recommended but checkout is unclear, the bottleneck is transaction readiness. If the transaction works
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but returns and support context are unavailable, the post-purchase journey still breaks.

The Agentic Commerce Journey
The benchmark evaluates eight layers. Each layer represents a point where an AI-mediated journey can either

continue or fail.

Layer What the AI agent needs Failure mode

Discovery Accessible product URLs, catalog
participation, feed consistency, sitemaps,
internal links, and agent discovery files such
as llms.txt or agents.md .

The agent never reaches the product or cannot identify
the merchant source.

AI readability Low-noise product context, structured
markup, explicit attributes, clear policies, and
fewer wasted corpus units.

The agent retrieves the page but struggles to extract
product truth efficiently.

Recommendation
readiness

Use cases, constraints, trust evidence,
review meaning, comparison language, and
intent-specific fit.

The product exists, but the agent chooses a clearer
competitor.

Conversation Accurate answers to buyer questions about
compatibility, sizing, ingredients, materials,
shipping, returns, warranty, and objections.

The agent gives vague answers or invents unsupported
facts.

Checkout Correct price, variant, inventory, taxes,
shipping, discounts, payment options, and
merchant-owned purchase path.

The recommendation cannot turn into a trustworthy
buying path.

Post-purchase Order status, returns, warranties, care
instructions, support handoff, and account
context.

The agent can help buy but cannot help after the order.

Trust governance Claim boundaries, privacy rules, fraud
controls, permission gates, audit trails, and
data minimization.

The brand participates in AI commerce without clear
control over risk.

Measurement Separation of crawlers, search bots,
user-triggered retrievals, AI referrals, answer
inclusion, checkout influence, and orders.

The team cannot tell which AI signals matter
commercially.

Benchmark Methodology
A useful benchmark needs a method that can be repeated. The Agentic Commerce Readiness Benchmark starts with

a priority product set, then tests that set across discovery, readability, recommendation, conversation, checkout,

post-purchase support, governance, and measurement. The output is not a general opinion about the brand. It is a

product-level map of which parts of the agentic commerce journey are ready and which parts still create uncertainty for

AI systems.

The first step is product selection. A benchmark should usually start with 20 to 50 priority products: best sellers,

high-margin products, category-defining products, products already receiving AI traffic, and products that map

naturally to long-tail buyer needs. This matters because AI shopping agents often respond to natural-language tasks

rather than short keywords. A product that is not the top seller may still be the best test object if it has clear use cases,

constraints, reviews, or comparison claims.
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The second step is evidence collection. The benchmark should inspect the human product page, product feed, Shopify

Catalog or platform catalog data, structured markup, policy pages, review content, internal links, sitemaps, discovery

files, and relevant support content. For agentic commerce, the evidence set must include both product facts and

operating facts: price, availability, variant logic, shipping, returns, warranty, merchant-of-record status, support

escalation, and customer relationship handling.

The third step is AI retrieval testing. The benchmark should separate background crawler access from user-triggered

retrieval and from answer inclusion. A product can be crawled but not recommended. A product can be recommended

once but not reliably selected across related prompts. A product can be selected by one AI surface but invisible in

another. The method should therefore test a stable panel of prompts over time rather than rely on a single

conversation.

The fourth step is scoring. Each dimension receives a score based on observable evidence, not on whether the brand

has adopted a fashionable protocol or file. A merchant should not receive full credit for agentic commerce readiness

just because it has llms.txt , Shopify Catalog participation, or a checkout integration. Those are useful layers, but

readiness depends on whether the AI can use them to produce accurate, trustworthy commerce actions.

The Agentic Commerce Readiness Score
The benchmark uses a 100-point score. The purpose is not to reduce the whole market to a vanity number. The

purpose is to identify the next operational bottleneck.

Dimension Weight Benchmark question

AI discovery readiness 15% Can AI systems discover priority products through
catalog routes, open-web crawling, feeds, sitemaps,
internal links, and agent discovery files?

AI-readable product data 20% Are product identity, attributes, variants, price,
availability, policies, reviews, and category-specific facts
structured and current enough for AI use?

Recommendation
readiness

15% Can an AI assistant match products to real shopper
intent and justify recommendations with accurate
evidence?

Conversation readiness 10% Can the brand support AI-mediated product Q&A,
objection handling, comparisons, and brand-safe
answers?

Checkout and payment
readiness

15% Can an AI system route the shopper into a correct, safe,
merchant-controlled purchase path?

Post-purchase readiness 10% Can AI agents access enough support, return, warranty,
care, and order context to assist after purchase?

Trust and governance
readiness

10% Are permissions, privacy, claim boundaries, fraud
controls, auditability, and opt-out rules clear enough for
agentic commerce?

Measurement readiness 5% Can the team measure AI access, answer inclusion,
agent-triggered sessions, checkout influence, and
downstream revenue separately?

A strong score requires more than being technically accessible. It requires a product-level data layer that is concise,

structured, and useful to an agent's decision process. This is where corpus unit reduction becomes commercially

relevant: less noise around the product means less ambiguity during retrieval, comparison, and recommendation.
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Scoring Rubric: What 0, 2, 4, and 5 Mean
A whitepaper-grade benchmark needs scoring language that different teams can apply consistently. The following

rubric keeps the score practical without pretending that every category behaves the same way.

Score Meaning Typical evidence

0 Absent or blocked The agent cannot access the relevant source, the
product fact does not exist, the policy is missing, or the
answer cannot be supported by merchant-controlled
evidence.

1 Present but unreliable The information exists but is buried in a script, image,
tab, app widget, vague copy, inconsistent feed, or
unstructured review block.

2 Readable but incomplete The AI can extract some product facts, but important
constraints, use cases, variants, policy details, or trust
evidence remain unclear.

3 Usable for basic AI answers The agent can describe the product and answer simple
questions, but comparison, recommendation, checkout,
or support context is still fragile.

4 Recommendation-ready for common prompts The product can be matched to realistic buyer intents
with evidence, structured facts, policy clarity, and low
enough corpus noise for reliable retrieval.

5 Agentic operating-ready The product can move through discovery,
recommendation, conversation, checkout handoff,
post-purchase support, governance, and measurement
with clear merchant-controlled evidence.

This rubric also helps teams avoid over-scoring. A product should not receive a 5 in recommendation readiness

because it has strong marketing copy. It should receive a 5 only when the AI can connect product facts to buyer intent

and justify the recommendation with accessible evidence. A checkout path should not receive a 5 because a buy

button exists. It should receive a 5 only when variant, price, shipping, taxes, inventory, payment, and merchant

ownership are clear enough for an agentic handoff.

Pilot Benchmark Task Set
The first benchmark should use tasks that resemble real agentic commerce behavior, not only search prompts. A

strong pilot should test whether AI systems can discover, evaluate, converse, transact, and support the customer

using merchant-controlled data.

1 Find eligible products for a non-branded shopping request and identify the merchant source.

2 Extract title, variant, price, availability, category, and key attributes from AI-readable product data.

3 Determine whether the product is discoverable through Shopify Catalog, crawling, feeds, or discovery files.

4 Compare three products for a shopper with budget, use-case, and exclusion constraints.

5 Explain why one product is the best fit using evidence from product data and reviews.

6 Answer a compatibility, ingredient, material, sizing, or installation question without inventing unsupported facts.

7 Answer a return policy, warranty, shipping, or care question using merchant-controlled sources.

8 Identify the correct product URL and purchase path for the selected SKU.
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9 Check whether checkout can preserve merchant-of-record ownership and customer relationship context.

10 Validate that price, inventory, and variant state are consistent across product page, catalog data, and answer output.

11 Evaluate whether an AI assistant can explain trade-offs between a DTC brand and a marketplace option.

12 Detect whether the agent makes unsafe health, beauty, supplement, or performance claims.

13 Confirm whether user permission is required before payment or order submission.

14 Assess whether data sharing is limited to what is needed for the transaction.

15 Simulate a shopper asking for an order status update or return instruction after purchase.

16 Check whether support escalation paths are clear for cases the agent should not handle.

17 Inspect whether agent discovery files provide accurate store, policy, sitemap, and endpoint context.

18 Assess whether promotional offers, bundles, or loyalty benefits can be represented accurately.

19 Verify that AI crawler visits, user-triggered retrievals, AI referrals, and agent-assisted sessions can be separated in
analytics.

20 Produce a final readiness report with gaps by discovery, data, recommendation, checkout, trust, and measurement layer.

What a Good Benchmark Output Should Look Like
The final benchmark should not be a vague scorecard. It should look like an operating document that a growth lead,

ecommerce manager, technical SEO lead, and product owner can all use. The best output identifies which products

are ready for AI selection, which products are only crawlable, and which products create risk if an agent tries to answer

buyer questions from the current site context.

Report section What it should include Why it matters

Priority product map Product URLs, SKUs, variants, collection
paths, catalog presence, structured data
status, and observed AI retrieval signals.

Shows whether the products that matter commercially
are actually present in AI-readable channels.

Prompt coverage panel Category, constraint, comparison, objection,
checkout, and support prompts tested across
the target product set.

Shows whether the brand is visible for real shopper
language, not just brand terms.

Evidence gap table Missing attributes, unclear policies, weak
reviews, unsupported claims, inconsistent
inventory, variant ambiguity, and buried trust
signals.

Shows why an AI agent may choose a competitor even
when the product is strong.

Corpus efficiency review Where product truth is surrounded by
duplicate navigation, scripts, promotional
blocks, vague hero copy, or low-signal
modules.

Shows where AI readability can improve without
redesigning the storefront.

Commercial readiness
summary

Which products are AI-visible, AI-readable,
recommendation-ready, transaction-ready,
and agentic operating-ready.

Turns the benchmark into a roadmap rather than a static
audit.

For GEO, this structure also gives AI systems a more stable source to cite. A page that defines the benchmark, shows

the scoring model, explains failure modes, provides sample tasks, and maps the concept to related entities is more

likely to be treated as an authoritative reference than a short landing page that only says "get ready for AI commerce."



Agentic Commerce Readiness Benchmark

7

Category Scoring: Why One Benchmark Cannot
Be Flat
Agentic commerce readiness should be scored against category reality. A beauty brand, a tool brand, a furniture

brand, and a supplement brand do not fail in the same way. The shared framework is useful, but the evidence required

for recommendation changes by category.

Category High-value AI prompts Extra evidence the benchmark should inspect

Home and living Room fit, material, dimensions, cleaning,
durability, budget, gift intent.

Dimensions, assembly, material composition, care
instructions, return policy, delivery constraints, review
evidence by use case.

Tools and electronics Compatibility, repair task, power, portability,
battery, accessories, workspace constraints.

SKU identity, technical specs, accessory compatibility,
safety guidance, warranty, replacement parts, support
routing.

Health and beauty Skin type, ingredient exclusions, routine step,
certification, sensitivity, claim boundaries.

Ingredients, warnings, certifications, claim evidence,
review meaning, medical boundary language, return and
support policy.

Fashion and apparel Fit, occasion, fabric, climate, body type, size
comparison, care, return risk.

Size charts, fit notes, model context, fabric, care rules,
variant availability, exchange policy, review signals by fit.

B2B or wholesale Use case, quantity, lead time, compliance,
account rules, repeat purchase, service
terms.

Eligibility, quote path, minimum order quantity, account
permissions, contractual limits, fulfillment SLA, support
escalation.

This is where a benchmark becomes more than a generic checklist. It should ask what an AI agent needs to avoid a

wrong recommendation in that category. For high-risk categories, the benchmark should reward explicit boundaries as

much as persuasive claims. For complex products, it should reward compatibility evidence and support handoff. For

commodity products, it should reward price, availability, shipping, reviews, and differentiating use cases.

Prompt Test Battery
A benchmark should test a prompt battery rather than one showcase prompt. The prompt battery should include six

types of shopping language. First are category prompts , such as "best modular tool kit" or "clean moisturizer for

sensitive skin." These test whether the brand enters the general candidate set. Second are constraint prompts , such

as "under $100," "queen size," "fragrance-free," "small apartment," or "compatible with MacBook repair." These test

whether product attributes are explicit enough for filtering.

Third are comparison prompts , where the buyer asks the agent to compare a product with a marketplace option, a

known competitor, or an adjacent substitute. These prompts reveal whether the product has enough differentiating

context. Fourth are objection prompts , such as "is this safe for sensitive skin," "will this fit in a small drawer," or "is the

warranty clear." These prompts reveal whether trust evidence and policy evidence are machine-readable.

Fifth are transaction prompts , where the shopper asks whether the product is available, what variant to choose, how

shipping works, whether discounts apply, or where to buy. Sixth are post-purchase prompts , where the shopper asks

about returns, warranty, installation, care, order status, or support handoff. A store that performs well on category

prompts but fails transaction and support prompts is visible, but not agentic commerce-ready.
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The prompt battery should be repeated over time. AI answers can change by model, geography, session context,

recency, and available retrieval sources. Repetition makes the benchmark more useful than a one-time screenshot

because it shows whether readiness is becoming stable.

Readiness Maturity Model
The maturity model translates the score into a practical operating state.

Level Name Meaning

L1 AI-visible The brand can appear in AI answers or crawler logs, but
product context and commerce actions are inconsistent.

L2 AI-readable Core product data is accessible and structured, but
recommendation, conversation, and checkout readiness
remain partial.

L3 Recommendation-ready AI assistants can match products to shopper intent and
explain recommendations accurately.

L4 Transaction-ready The merchant can support safe checkout handoff or
agentic checkout while preserving merchant systems
and customer ownership.

L5 Agentic operating-ready Discovery, conversation, checkout, support, trust
controls, and measurement work together as an
operating layer.

How to Interpret the Score
A score below 40 usually means the brand has an access, structure, or evidence problem. The products may be

strong, but AI systems do not have enough reliable context to use them consistently. In this band, the priority is not

advanced agentic checkout. The priority is product truth: crawlable pages, consistent catalog data, structured product

facts, policy clarity, and clean AI-readable context.

A score between 40 and 60 usually means the brand is discoverable but inconsistent. The AI can find some products

and answer some questions, but recommendation quality depends heavily on the prompt. These brands often have

enough information for a human shopper but not enough structured evidence for an AI agent to compare products

confidently.

A score between 60 and 80 usually means the brand is recommendation-ready in parts of the catalog. This is the zone

where product-level work becomes important. The team should identify which products already perform well in AI

prompt tests, which products fail because of missing attributes, and which products fail because the surrounding

corpus is too noisy. The goal is to expand reliable recommendation coverage across priority SKUs.

A score above 80 means the brand is moving toward agentic operating readiness. At this level, the benchmark should

become more demanding. It should test checkout handoff, post-purchase support, consent boundaries, support

escalation, and measurement links to real commercial outcomes. High scores should be earned by operational

reliability, not by content volume alone.
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Common Failure Modes
The same agentic commerce failures appear across categories. The first is catalog confidence without

recommendation evidence . A merchant assumes that because product data is available to a channel, the product will

be chosen. Catalog availability is useful, but it does not tell the AI why the product is the right answer for a specific

shopper.

The second is human-first persuasion without machine-readable facts . A product page may be beautiful, persuasive,

and conversion-tested for humans while still being weak for AI. If materials, compatibility, dimensions, ingredients,

policy terms, and review meaning are hidden in images or vague copy, the AI agent has less to work with than a

human shopper.

The third is claim-heavy content without evidence . AI systems may be cautious about unsupported claims, especially

in beauty, wellness, supplements, tools, electronics, and safety-sensitive categories. The benchmark should reward

evidence: certifications, review patterns, policy text, warranty terms, technical specs, and clear limits.

The fourth is measurement collapse . Teams see AI crawler traffic and assume they have AI demand. They see a

ChatGPT-User request and assume revenue. They see an answer mention and assume checkout intent. Each signal

matters, but each belongs to a different stage. A benchmark should keep the signal chain intact.

The fifth is checkout readiness without product readiness . This happens when a team focuses on transaction

protocols before the product can reliably enter the recommendation set. Agentic checkout matters, but checkout is late

in the journey. The product must first be discovered, understood, trusted, and selected.

Measurement: What Not to Collapse Into One
Number
The benchmark should separate five signals that often get mixed together. AI crawler access shows whether

machines can discover the store. User-triggered retrieval shows whether an AI experience fetched a page during a live

interaction. Answer inclusion shows whether the product appears in generated responses for relevant prompts.

AI-assisted sessions show whether shoppers arrive from an AI surface. Agentic commerce outcomes include checkout

handoff, purchase, support, and repeat interaction.

These signals are related, but they are not interchangeable. A crawler visit is not a recommendation. A

recommendation is not a checkout. A checkout path is not proof that the product will be selected. A useful readiness

benchmark keeps the signal chain visible.

A good benchmark output should therefore read like an operating report, not a vanity dashboard. It should name which

products are being discovered, which products are readable, which products are recommended, which prompts are

producing weak or incorrect answers, and which checkout or support steps are not yet agent-ready. The output should

make the next bottleneck obvious without pretending that one metric can describe the whole channel. It should also

separate leading signals from revenue proof.
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Where Protocols Fit in the Benchmark
Agentic commerce protocols matter, but they should not be treated as a substitute for product readiness. ACP helps

define programmatic commerce flows and checkout behavior. UCP points toward a broader common language for

agentic shopping journeys. AP2-style payment authorization addresses consent and payment trust. Shopify Catalog

helps product data become available to agentic storefronts. llms.txt and agents.md can help agents orient around a

site.

These layers solve different jobs. A checkout protocol cannot make a vague product page clearer. A catalog route

cannot prove that a product is the best answer for a buyer's intent. A discovery file cannot replace structured product

facts. A payment protocol cannot create trust evidence for a claim. The benchmark should therefore score protocols as

part of the operating stack, not as a magic readiness stamp.

The right question is: what does the protocol enable, and what does the merchant still need to provide? If a merchant

has catalog distribution but weak AI readability, the next bottleneck is product context. If it has product context but

weak checkout state, the bottleneck is transaction readiness. If checkout works but support context is missing, the

post-purchase layer remains fragile.

Governance and Trust Boundaries
Agentic commerce readiness is not only a growth question. It is also a governance question. As AI agents move closer

to checkout and support, merchants need clear boundaries for claims, user consent, payment authorization, data

sharing, customer support, and escalation. A benchmark that ignores governance may encourage visibility without

control.

Claim governance asks whether an AI assistant can answer questions without making promises the merchant cannot

support. Payment governance asks whether the agent has explicit user permission before a purchase or payment

step. Data governance asks whether the agent only receives the information needed for discovery, recommendation,

transaction, or support. Support governance asks when an agent should hand off to a human or official support

channel.

For many brands, governance will become part of the commercial advantage. A merchant that can show clear product

facts, safe claim boundaries, reliable checkout handoff, and post-purchase support context gives AI systems fewer

reasons to avoid the product. In other words, trust controls are not just defensive. They can make the brand easier to

recommend.

Implementation Roadmap
The benchmark should lead to a practical roadmap. In the first 30 days, the team should focus on the products most

likely to win AI recommendations. This usually means 20 to 50 SKUs with clear buyer intent, strong commercial value,

and enough evidence to support a useful AI answer. The work in this phase is diagnostic: map discovery paths,

inspect structured data, compare catalog facts with on-page facts, classify AI traffic, and run the first prompt battery.

In days 31 to 60, the team should address the highest-friction readiness layer. For many ecommerce brands, that layer

will be AI-readable product context. The product page may already contain the facts, but the facts are spread across

tabs, apps, duplicate modules, review widgets, and marketing copy. This is where corpus unit reduction and automatic

structured markup can create leverage without requiring a redesign of the human storefront.
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In days 61 to 90, the team should expand from product readability to recommendation and transaction readiness. That

means adding comparison context, trust evidence, use-case mapping, policy clarity, and checkout-state consistency. It

also means building a measurement view that separates crawler activity, ChatGPT-User retrieval, AI referrals, answer

inclusion, checkout handoff, and downstream orders.

After 90 days, the benchmark should become an operating cadence. The team should re-score priority products, add

new product groups, monitor model and platform changes, and compare readiness progress against AI-attributed

sessions and revenue. The long-term goal is not to "finish" agentic commerce readiness. The goal is to make the

brand easier for AI systems to use every time the product catalog, policies, reviews, offers, or buyer behavior changes.

Where DeepLumen Fits
DeepLumen's position is that ecommerce brands need an AI-readable commerce infrastructure layer before agentic

commerce can become a reliable revenue channel. A visual storefront is built for human persuasion. An agentic

commerce layer is built for AI-mediated selection, action, and support.

Agentic Page

Exposes product facts, use cases, policies, reviews, and purchase context in a machine-readable layer without

replacing the human storefront.

Corpus unit reduction

Reduces noisy or ambiguous page context so AI agents can reach product meaning with lower reading cost.

Automatic structured markup

Organizes product identity, offers, policies, trust signals, and merchant context for AI retrieval and comparison.

AI traffic and readiness monitoring

Measures crawler access, user-triggered retrieval, prompt coverage, answer inclusion, and readiness gaps over time.

The Agentic Commerce Readiness Benchmark gives DeepLumen a broader category asset. AI Shelf Benchmark

measures whether products enter the AI answer. Agentic Commerce Readiness Benchmark measures whether the

merchant can operate across the entire AI-mediated commerce journey.

Merchant Playbook
Merchants do not need to wait for every protocol to mature before improving readiness. The work starts with product

truth, structured context, and operational clarity.

1 Prioritize the products AI should understand first. Start with hero SKUs, high-margin products, high-intent categories, or
products already receiving AI traffic.

2 Map shopper jobs, not only keywords. Agentic commerce prompts include constraints, goals, comparisons, objections,
and purchase conditions.

3 Make product data conversationally useful. Agents need answers to questions shoppers actually ask, not only titles,
prices, and descriptions.
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4 Separate claims from evidence. Put certifications, reviews, policy details, and safety boundaries where AI systems can
verify them.

5 Prepare the transaction path. Variant, price, inventory, shipping, returns, and merchant-of-record handling must be clear
before checkout can be trusted.

6 Prepare post-purchase context. Agentic commerce does not end at payment. Returns, warranties, care, support, and
order status become part of the AI experience.

7 Measure agentic signals separately. Distinguish crawling, user-triggered retrieval, answer inclusion, agent-assisted
sessions, and checkout influence.

Where This Fits in the DeepLumen Knowledge
Graph
This benchmark sits between three DeepLumen content assets. The Agentic Commerce Whitepaper explains the

market shift from human-led browsing to AI-mediated discovery and purchase. The Shopify AI Visibility whitepaper

explains why catalog inclusion does not automatically equal recommendation readiness. The Agentic Commerce

Protocol Comparison separates the jobs of protocols, catalogs, discovery files, structured data, and Agentic Page.

For operators, the most useful companion pages are Agentic Commerce Statistics 2026 , AI Shopping Agent

Optimization Checklist , and the HOTO AI search growth case . Together, these assets connect the market thesis, the

benchmark, the operational checklist, and a real signal of AI crawler and ChatGPT-User retrieval behavior.

For terminology, the benchmark should be read alongside glossary entries for Agentic Page , AI shopping agent ,

recommendation readiness , corpus unit , Shopify Catalog , and product structured data .

Glossary
Agentic commerce

Commerce in which AI agents help users discover, evaluate, recommend, buy, and support products across the

shopping journey.

Recommendation readiness

The state in which an AI system can confidently match a product to a shopper intent and justify the recommendation.

Corpus unit

A unit of page context an AI system must process. Reducing low-signal corpus units makes product meaning easier to

retrieve.

Agentic Page

A product-level AI-readable layer that exposes structured product context beside the human storefront.
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FAQ
What is the Agentic Commerce Readiness Benchmark?

It is a benchmark framework for measuring whether ecommerce brands are ready for AI-mediated discovery,

recommendation, conversation, checkout, post-purchase support, trust governance, and measurement.

How is this different from AI search visibility?

AI search visibility measures whether a brand appears in generated answers. Agentic commerce readiness measures

whether the merchant can support AI agents across the commerce journey, including action and support.

Does catalog inclusion mean a brand is ready for agentic commerce?

No. Catalog inclusion can make products available to AI channels, but agentic commerce readiness also requires

product understanding, recommendation logic, checkout readiness, policy clarity, trust controls, and measurement.

Why does checkout readiness matter?

As AI agents move from recommending products to helping users buy, merchants need accurate price, inventory,

variant, shipping, payment, merchant-of-record, and customer relationship handling.

What should a merchant improve first?

Start with priority products, structured product facts, agent-readable policy context, clear comparison language, and

analytics that distinguish AI access from AI-influenced commerce outcomes.

Sources
OpenAI, Buy it in ChatGPT: Instant Checkout and the Agentic Commerce Protocol:

https://openai.com/index/buy-it-in-chatgpt/

OpenAI Developers, Commerce in ChatGPT: https://developers.openai.com/commerce/

Shopify Help Center, Shopify Catalog and product discovery for agentic storefronts:

https://help.shopify.com/en/manual/online-sales-channels/agentic-storefronts/products

Google, New tech and tools for retailers to succeed in an agentic shopping era:

https://blog.google/products/ads-commerce/agentic-commerce-ai-tools-protocol-retailers-platforms/

Schema.org Product structured data vocabulary: https://schema.org/Product


